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Conclusion and Significance
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model used by the Centers for Disease Control and Prevention
e More than 79 million COVID-19 cases and 974k deaths in the U.S.

o The COVID-19 pandemic has proven to be enduring and turbulent, coming in ReSUH:S and Interpretations
multiple waves with the rise of new COVID-19 variants.
e Essential tool for public health officials is daily case monitoring through the use of
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TCN showed top performance for COVID-19 past-to-future case forecasting
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